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Abstract
The end to end automation of deep learning has been successful
in extremely data‐intensive computing, such as images, videos,
audios. However, are we really making much progress? The best
paper of ACM RecSys Conference 2019 pointed out that: despite
amazing accuracy, deep learning suffers from low reproducibility
and high effort of model tuning. On the contrary, classic data
mining pipeline (data preprocessing, feature extraction, feature
selection, predictive modeling) has been proved to be effective,
step by step testable, and of low tuning effort. Can we integrate
the automation with data mining pipelines to achieve a balance
between automation and step by step testable low‐effort
reproducibility? In this talk, I will introduce the motivation and
significance of our overall goal to automate a classical data mining
pipeline. Then, I will discuss two preliminary studies: (i)
automated characterization (AKA feature extraction) of spatial‐
temporal graphs, (2) automated feature selection via multi‐agent
reinforcement learning. Finally, I will conclude my talk and
present our future work.
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